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( Abstract

Background: Alzheimer’s disease (AD) is a complex neurodegenerative disorder lacking effective therapeutic solutions.
Hybrid molecules with multitarget potential are gaining attention as viable candidates to slow or halt AD progression.
Computational-aided drug design offers a cost-effective and efficient method to identify promising drug leads with
desirable pharmacological traits. This study investigates hybrid compounds as potential inhibitors of key AD-related
proteins using virtual screening, molecular docking, and pharmacokinetic profiling. Methods: Twenty-five hybrid
compounds were selected for virtual screening through molecular docking against critical AD-associated enzymes and
receptors. Docking scores were used to assess binding affinities and interaction strengths. Top-performing candidates
were analysed using LIGPLOT+ v2.2.7 for 2D interaction maps and PyMOL v2.5 for 3D structural visualization.
Furthermore, ADMET (Absorption, Distribution, Metabolism, Excretion, and Toxicity) predictions were conducted to
evaluate drug-likeness and safety profiles. Results: Out of the 25 compounds screened, ten exhibited notable binding
affinities. Compounds 3 (-37.41 kcal/mol), 19 (-35.68 kcal/mol), and 20 (-36.88 kcal/mol) outperformed the reference
compound (-26.30 kcal/mol) in docking scores. Key residues such as ASN349, PHE168, and SER67 were identified as
critical for hydrogen bonding and hydrophobic interactions, potentially influencing neurotransmitter pathways involving
dopamine and norepinephrine. ADMET predictions further indicated favourable pharmacokinetic properties and minimal
toxicity. Conclusion: The study identified several promising hybrid molecules with strong in-silico inhibitory activity against
AD-related targets. Their favorable binding profiles and pharmacokinetics highlight their potential as anti-AD agents. These
findings provide a strong foundation for future in-vitro and in-vivo investigations aimed at validating their clinical relevance
in Alzheimer’s therapy
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including cognitive decline, memory loss, reduced
INTRODUCTION mindfulness, and overall deterioration of mental
health (Calabro et al., 2021; Thies & Bleiler, 2013) . It
primarily affects elderly individuals and is characterised
by these neurodegenerative symptoms (Iskusnykh et al.,

Alzheimer's disease (AD) is a major form of global brain
dysfunction, manifesting through behavioural changes,
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2024; Ueha et al., 2024). Despite extensive research into
AD's pathophysiology, the disease remains incurable.
However, certain mechanisms, such as the accumulation
of extracellular B-amyloid (AB) plaques and intracellular
neurofibrillary tangles (NFTs), are recognised as playing
arole in its development(Gulisano et al., 2019; Naik et al.,
2025; Neatu et al., 2024).

Currently, treatment options are severely limited, with
only acetylcholinesterase  (AChE)
(rivastigmine, donepezil, and galantamine) and one N-
Methyl-D-Aspartate  receptor (NMDA) antagonist
(memantine) approved for use (Marucci et al., 2021;
Singh et al., 2024).

three inhibitors

However, all AChE inhibitors were later withdrawn due
to dose-dependent hepatotoxicity (Kaur Gulati et al., 2022;
Saify & Sultana, 2014).

Given the complex nature of AD, there is an urgent need
to develop bioactive compounds with multitarget
capabilities that can potentially mitigate or reverse the
damage caused by the disease. Due to the multifactorial
nature of AD, single-target therapies have proven
inadequate, making multitarget directed ligands (MTDLs),
especially hybrid compounds, a more promising approach
(Spinelli et al., 2025; Yoo et al., 2025).

These hybrid compounds can simultaneously target
multiple bioactive sites while minimising toxicity and
reducing the cost of preclinical trials (Doostmohammadi
et al., 2024; Shaaban et al., 2025).

The method of designing hybrid molecules offers
advantages over conventional approaches by targeting
multiple mechanisms, leading to faster and more cost-
effective results (Clifton et al., 2017; Sampath Kumar et
al., 2020a; Soltan et al., 2021).

As such, hybrid compounds have emerged as promising
anti-Alzheimer's agents ((Gonzalez et al., 2019; Nunez et
al., 2019) ). This study employed computational-aided
drug design to address the ongoing damage caused by AD.

Computational methods have been highlighted in the
literature as vital for in-silico screening, simulation, and
(Agamah et al., 2020; Ejeh et al., 2021) of potential
therapeutic inhibitors for AD. The structure of the fusion
G-protein-coupled receptor (GPCR) was selected as the
protein target for this research due to its versatility in
exploring various protein designs and its role in
generating structures of antagonist-bound A2A adenosine
receptors at low resolution during simulations(Addis et al.,
2024; Keri & Barth, 2018; Lee et al., 2018).

Moreover, the receptor's lack of mutations and its
specificity to Homo sapiens make it an ideal target for this
study(Schoneberg & Liebscher, 2021).

This  study screened the potent, non-toxic hybrid
compounds virtually, perform molecular simulations on
the selected compounds, and predict their drug-like
properties to assess their potential as therapeutic agents
against Alzheimer's disease.

Methodology

A previously reported synthesised anti-
Alzheimer hybrid compounds was adopted in this
study(Jana et al., 2018; Orioli et al., 2024; K. Wang et al.,
2021).

study on

Twenty-five identified therapeutic hybrid inhibitors with
potentials against AD were employed in this research.
The chemical structures of the compounds were drawn
with the aid of ChemDraw Professional v. 16.0. It was
saved in SD Mol file format recognised by Spartan'l4, a
bioinformatics software.

The imported structures were converted from two-
dimensional (2D) to three-dimensional (3D) and
minimised for better and more stable structures.

The 3D structures undergo optimisation and calculation in
Spartan software using a method previously reported
(Omolara, 2018). Figur 1s shows the 2D hybrid structures
with their [UPAC identification from the literature.
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2.1 Protein Target Retrieval,
Ramachandran Plot Analysis;

Preparation, and

The raw structure of the fusion G-protein-coupled
receptor (GPCR) protein target was obtained from the
Protein Data Bank (PDB) (www.rcsb.org), as shown in
Figure 1. The receptor was prepared using PyMOL
Molecular Graphics System v. 2.5.4, enabling analysis of
different fusion protein designs, resulting in structures
such as the antagonist-bound A2A adenosine receptor at a
resolution of 3.4 A and the unliganded Smoothened

Figure 2: Ramachandran plot of Adenosine 2A receptor
Docking Studies and Inhibitor Screening

receptor at 3.7 A. This study applied previously
established methodologies to resolve small membrane
proteins and GPCR structures (Maeda & Schertler, 2013;
M. Zhang et al., 2024) . Figure 2 illustrates the 2D
Ramachandran plot for the adenosine A2A receptor,
representing amino acid conformations within the protein
and providing structural insights into the target. The
Ramachandran plot also informs the design of unnatural
biocatalysts and protein-based therapeutic agents
(Gunasekaran et al., 1996; Hooft et al., 1997; Lakshmi,
Ramakrishnan, et al., 2014; Lakshmi, Sinduja, et al.,
2014).

: E= S e
Ln] 45 {2
Fhi (desreas)
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ICM-Pro has been recognised as a highly effective
docking tool (Goswami et al., 2024; Mathur et al., 2024;
Neves et al., 2012) and was used in this study to dock
hybrid compounds to the protein target following the
removal of embedded ligands, including the reference
antagonist inhibitor(Mandal & Mandal, 2024; Meng et al.,
2012; Mishra et al., 2024). Binding site determination was

carried out with a grid box size of 40 x 40 x 40 along the
X, y, and z axes at the start of molecular docking
simulations. This grid encompassed the entire enzyme at a
spacing of 0.570 A, as depicted in Figure 3. LIGPLOT+
V 227 was used to examine the lowest energy

conformations and their interactions, including
hydrophobic, hydrogen-bonding, and electrostatic
interactions.

Figure 3: Active site of the receptor (colour: blue)

Pharmacokinetic Prediction of Screened Compounds

SwissADME, a web-based tool, was used to assess the
pharmacokinetic potential of the in-silico screened
compounds (Ajala et al., 2024, 2025; Daina et al., 2017).
This choice was informed by the observation that certain
compounds exhibited superior docking scores and binding
affinities compared to reference compounds (Abdullahi et
al., 2024; Elsaman et al., 2025).

Pharmacokinetic predictions included key ADMET
(Absorption, Distribution, Metabolism, Excretion, and
Toxicity) parameters, known for their effectiveness in
providing reliable kinetics data across various molecules
(Sucharitha et al., 2022; Thomas-Brown et al., 2023;
White, 2017). Additionally, radar plots and the BOILED-
egg model were employed to ensure comprehensive and
statistically sound predictions(Daina & Zoete, 2016).

Results and Discussion

Mechanical  Interpretation of the Ramachandran

Statistical Plot

Table 2 presents the two dihedral angles for each amino
acid residue. The Ramachandran plot, with a resolution
model of 2A, yields a favourable Rama-Z score,
effectively highlighting the conformational diversity
within the protein. Glycine stands out in the plot due to its
lack of a side chain, allowing it to occupy a larger region
due to its adaptable conformation.

Certain areas are intensely shaded in the plot, with the
most favourable regions shown in red, comprising over
ninety percent of residues. This indicates the core @-y
values for optimal amino acid positioning where the
symbols ¢ (phi) and y (psi) refer to torsion angles (also
called dihedral angles) in the backbone of a polypeptide
or protein. These are fundamental in determining the
secondary structure (like o-helices and p-sheets) of
proteins. Phi torsion angle: The angle around the bond
between the nitrogen (N) and the alpha carbon (Ca) while
Psi torsion angle is the angle around the bond between
the alpha carbon (Ca) and the carbonyl carbon (C'). In a
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biological context, the plot is valuable for visualising the
psi and phi angles in amino acid residues, as represented
by the dihedral Ramachandran model. Additionally, the
forbidden regions help prevent steric clashes between

atoms. Overall, the
demonstrates

protein used in this study

excellent 100 percent

favourable conformational scoring.

quality with

Table 2: Ramachandran statistical plot

PEOCHECEK Computed parameters statistics plots of Eamachandran

stereo-chemical Parameter Calculated values

No of residue  Percentage
Present residue at the most favoured region [A_ B, L] 320 936
Additionally, allowed region Residue [a. b, 1, p] 19 5.6
Generously allowed residue [~a, ~b, ~1, ~p] 2 0.6
Disallowed regions residue [XX] 1 03
Non-residues (Glycine and proline) 342 100

The results of the simulation and virtual screening of a
few chosen compounds are displayed in Table 3. Ten
compounds (3, 4, 6, 8, 11, 18, 19, 20, 21, and 24) were
found to have better interactions and lower docking scores
than the reference compound See Figure 1s after close
examination. These substances feature superior amino
acid chains, hydrophobic interactions, and hydrogen
bonding.

As shown in Table 3 findings, different locations within
the tested compounds were identified using LIGPLOT+
software. All virtual screening inhibitors shared a few
residue sites after closely examining the binding sites and
the reference molecule. These residues include ASN349,
PHE168, and SER67, previously documented in a study
by (Abdulganiyyu et al., 2019; Akinbo, Ajala, et al., 2024;
Akinbo, Rufa’i, et al., 2024) . It is implied that the
suggested compounds may be used as anti-Alzheimer
disease agents since the tested inhibitors share a residue
location with the cited substance.

Table 3: Docking scores of screened compounds

Compound Gibb's free energy  Residues predicted sites

Identity (kcal/mol)

3 -37.41 TRP32 LEU HIS™E ASNY LEU® VAL™ ILE™ VALS ILE, TYRS,
TYR3®, LEU?S, LEU SERST, GLE?, HIS*%, MIT?55, ILE®®, and PHE%®

4 -30.94 HIE MET?S6, GLU? PHESE TYRIS ILE?™_ ILE® LEU® LEU METIV,
ASNM LEU SERST

6 -28.17 LEU?% HIE TLE®, TYR™, AT A LEU®, VALE AT A8l TLE370, PHEIS,
GLUIISQ" LEUIIST

g -29.41 CYSlé SERST LEUN TYR®, PHESE HISS, MET, ASNS LEU LEU®,
\-'TALIE", ]:LEEI'.I‘U, ALASB’:TYRS'S?: ILEGE

11 -26.56 MET?% ASN?? LEUPY METI7, ATASL ILEY? TYR®. TYR’ SERS ILESS
ALAég, P.H:Elﬁs, HISS?4, VALSd

18 -27.46 CYS!, SERY, LEUY TYR®, PHESS HIS™E METT, ASN? LEU LEU®,
‘;'ALB#? H_‘ETFIZI= ALA63= TYR367= ]:LEéﬁ

19 -35.68 THRS® TYR®, SERS, ILE® AT.AS PHE!%E WAL ILE?™ ILES MET3,
ASNM? LEURS LEU TYR Cysles

20 -26.88 LEU3  LEU®, VAL® TYR®, PHE!® [1LES MET? GLUY, SERS TYR,
LEL;]&‘F= ILEB_"O: H13346= ]'.\-‘J:ET”?, ASN349

21 -25.60 TYR3 SERS ILE®® AT.A% ILEY? PHE!SE LEU MET!, HISME LUE:,
ASNM® GLU? HIES! NMET3S6

24 -27.87 ASN® PHEE MET3 ILE?™, TYR3%7, AT AS ILE%, SERS, LEU™, MET!"7,
HIg46

Reference -26.30 TYR?, ILE?, LEU METY7, HISHMS, ASNM? MET!™, MET?S6, PHE!SS,

TYR, ALAS

Table 4 shows the screened and referenced compounds'
two- and three-dimensional views. A Keenan study of the
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images shows common residues in all the screened
compounds that form hydrogen and hydrophobic bonds.

The amino acids ASN349, PHE168, and SER67 interact
with the ligands via the abovementioned bond.

Table 4: Two- and three-dimensional views of the screened compound interactions and the receptor prepared by

Ligplot and PyMol, respectively.

3
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3.2 Potency and therapeutic ability of the screened
inhibitors against Alzheimer's Disease

a. The third inhibitor (3)

With a docking score of -37.41 kcal/mol, molecule three
(3) has the lowest among these 10 inhibitors. This
inhibitor has nineteen amino acids that bind with the
ligand. The chemical, which is a combination of
tetrahydroacridine and silibinin, has intriguing qualities
that make it a promising anti-Alzheimer drug, including
neuro-protective, anti-inflammatory, anticancer, and
hepatoprotective effects (Czarnecka et al., 2020; Kouli et

al., 2018; Xie et al., 2015).

b. The fourth inhibitor (4)

These compounds' thirteen amino acids interact with the
ligand in various ways. This compound's docking score in
the complex is -30.94 kcal/mol. When a cholinesterase
inhibitor and ebselen are combined, the molecule acts as
an anti-BAmyloid aggregator, which is how it and a
multitarget-directed ligand (MTDL) against AD are active
(Cen et al., 2018; Z. Luo et al., 2013; Y. Wang et al,,
2016) This inhibitor may cross the central nervous

system and blood-brain barrier, improving cell survival
(Porkka et al., 2008).

c. Sixth inhibitor (6)

With a docking score of -28.17 kcal/mol, compound six
has very strong inhibitory action against AD Its twelve
amino acids interact with the ligand in various ways. It is
distinguished by its capacity to penetrate the blood-brain
barrier and its non-dangerous neurological protection
(Kadry et al., 2020; S. Zhang et al., 2022). This chemical
can preserve spinal function while reducing or eliminating
cognitive impairment (Kadry et al., 2020; Merlini et al.,
2019) . Compound six can, therefore, function as a
chemotherapeutic anti-Alzheimer drug with a healthier
potency and anti-amyloid properties.

d. The eighth inhibitor (8)

Compound 8 has a docking score of -29.41 kcal/mol and
15 residues or amino acids that interact differently with
the ligand to increase activity. A strong inhibitor that can
block the protein that causes AD by inhibiting f-amyloid
aggregation and concurrently interacting with the catalytic
and peripheral anionic active sites (Chen et al., 2014;
Inestrosa et al., 1996; L. Luo et al., 2017) . Reduce
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neurotoxicity and have a high permeability, making them
a good pharmacological option for Alzheimer's disease
therapy(Chen et al., 2021; L. Luo et al., 2017) .

e. Eleventh inhibitor (11)

This molecule has a docking score of -26.56 kcal/mol and
contains 14 amino acids that create various interactions
with the ligand. Through its capacity to penetrate the
blood-brain barrier and unfold the protein that causes
beta-amyloid aggregation, this hybrid exhibits a unique
potential inhibitory function against AD as evaluated and
possesses qualities of an attractive therapeutic candidate
(Dabur et al., 2022; Giorgetti et al., 2018).

f. The 18th inhibitor (18)

An alkaloid molecule that isoquinoline and has a docking
value of -27.46 kcal/mol. This molecule interacts in
various ways with the complex's fifteen amino acids. This
hybrid possesses a kinetic model with inhibitory action
among both Catalytic Active Site (C.A.S.) and Peripheral
Anionic Site (P.A.S)., making it a potent suppressor of
acetylcholinesterase compounds(Luque & Mufioz-Torrero,
2023; Naskar & Gour, 2023).

g. Nineteen Inhibitors (19)

By forming distinct contacts with 15 amino acid groups,
inhibitor 19 provides more information about its active
binding location. The docking score for this inhibitor is -
35.68 kcal. Mol. It is a structured combination of
berberine and benzene derivatives that may block the
agent that causes Alzheimer's disease (Jiang et al., 2011).

h, With a docking value of -36.88 kcal/mol, inhibitor
twenty (20) combines berberine and hydroquinone
derivatives that form 15 distinct contacts, including
hydrophobic and hydrogen interactions with 15 amino
acid groups. Because it comes from natural sources, this
molecule can potentially decrease cellulo-multifaceted
toxicity in Alzheimer's. Additionally, this reveals an
antioxidant action and can prevent beta-amyloid
aggregation (Abbas et al.,, 2025; Zivari-Ghader et al.,
2024).

i. Inhibitors 21 and 24 Inhibitor 21 had a docking score of
-29.62 kcal/mol and had fourteen interactions with the
amino acid group. A well-structured hybrid with
polyphenolic properties inhibits beta-amyloid aggregation
and prevents neuronal toxicity, making it a promising
therapeutic candidate(Ding et al., 2023; Fang et al., 2024).

j. Finally, compound 24 has a docking score of -27.87
kcal/mol because eleven amino acid groups have various
interactions with the ligand, including hydrophobic and
hydrogen bonding. A new hybrid class that has substantial
inhibitory action to treat AD and has distinct properties.
They also can cross the blood-brain barrier, are
neuroprotectant, and are highly antioxidant. The
benzylamine demonstrated inhibitory activity because of
the alkyl group affixed to position two in the parent
structure(Chioua et al., 2012; Hatami et al., 2023).

3.3 The selected
neuroprotection.

substances' capacity for

The combination of various bioactive components found
in chemical compounds with improved bonding and
medicinal benefits is known as hybridisation, and it is a
recent and improved hypothesis in computer simulation
drug design and development (Sampath Kumar et al.,
2020b) . These substances can target several targets and
are less harmful (Ldscher, 2021). According to Chignon
et al. (2018) and Teixeira et al. (2019), neurotoxicity,
oxidative stress, and reactive oxygen species production
are the main suspects in AD physiology (Jomova et al.,
2023; Kamaljeet et al., 2024; Teixeira et al., 2019) .
However, because of their bioactive composition, hybrid
compounds are multitargeted and have intrinsic
capabilities to prevent or treat AD or protein aggregation,
which typically leads to the formation of AD.
Following docking research, the best hybrid compounds
were chosen because they have certain characteristics that
make them potentially useful as anti-Alzheimer and
neuroprotective drugs (Islam et al., 2022; Ismaili & do
Carmo Carreiras, 2018; Mirza et al., 2022) . However,
regarding radical scavenging and unambiguous activity,
hybrid compounds (oxidised, alkenylated, and amidated
forms) are more active than the parent compounds
(Rimbach et al., 2003). As a result, they are multitargeted
against diseases, including AD.
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3.4.Pharmacokinetic characteristics and anticipated
medicinal properties.
A web-based program called SwissADM was used to

forecast and take advantage of the
pharmacokinetics characteristics and validate the Pfizer
rule of five to determine these hybrid compounds'
medicinal and drug-ability. Predicted factors such as the

crucial

blood-brain barrier (BBB), the octanol-water partition
coefficient, clog P, the lipophilic character, molecular
weight, clog P, and skin penetration are displayed in
Table 5 to indicate potential drug candidates as anti-
Alzheimer disease agents.

Every chemical compound's Molecular Weight (M.W.) is
within the limit except for compound 3, which has a value
of 829.85 g/mol. Additionally, every screened
compound's Topological Polar Surface Area (TPSA) is
under the threshold limit of "20 < (TPSA) < 130 A2".
This indicates that other than compound 3, all tested

compounds are orally bioactive. A consensus-based
forecasting model known as the water-octanol ratio
Except for the reference compound with a water-octanol
ratio of 5.38, all of the screened compounds' log po/w
ratios, as displayed in Table 5, are below the 5.0 criterion.
As a result, all of these compounds' lipid environments
are perfectly acceptable for consideration as potential
therapeutic possibilities.

As shown in Table 5, the highly predictive human
intestinal absorption (HIA), penetrating the BBB, and
improved permeability indicate that the virtual screened
compounds are effective anti-Alzheimer disease agents.
This is supported by the predictions of HIA, BBB, and log
Kp.

Table 5: Predicted physicochemical, lipophilicity, solubility, and pharmacokinetics parameters

MW. | nRB | HBA | HED TPSA | CLog P HIA EEB sSP
ID. MR nV
=500 = =10 =35 = 130 =5
3 82085 16 13 6 22376 | 215.23 4.74 1 High Yes -6.97
4 459.92 8 4 3 1323 87.39 454 0 High Yes -4.7
6 406.43 7 6 1 116.98 | 104.19 2.66 0 High Yes -6.25
8 41548 8 4 1 12142 | 36.79 471 0 High Yes -4.71
11 | 42557 7 3 1 12774 | 110.04 331 0 High Yes -6.1
18 | 44045 9 7 1 118.74 | 109.52 3.28 0 High Yes -6.15
19 | 70425 13 6 4 20177 | 128.62 345 0 High Yes -5.41
20 | 460.52 9 6 1 129.8 771 3.50 0 High Yes -6.56
21 [ 459.53 7 6 1 132,64 | 60.39 4.01 0 High Yes -5.71
24 | 29731 0 4 4 87.23 84.16 175 0 High Yes -6.44
Refe | 337.34 5 6 6 9131 | 12739 538 3 Low No -6.80

3.5

MO = Molecnlar waizht, nRE = mumbar Eotatzkla bond, HEA =Hydrogen bond arcaptor, HBD= Hydrogen kond donor, ME. = holacular
refractivity, TPEA~ Total polar surface area, C = Consensns, ov = mumber of Vielations, HIA = Human Intestinal Absorption, BBB= Bloed brain

Barriar, 8P = Skin Parmeation

Similarity to drugs and medicinal chemistry
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The expected descriptors of the screened compounds are
displayed in Table 6. All compounds, except the referred
molecule, complied with Lipinski ROS5 and other drug-
likeness standards. This indicates that the evaluated
compounds are viable therapeutic candidates and can
undergo additional clinical testing. Additionally,

Table 6 shows that the threshold values for metrics such
as the PAINS, Brenk, and Lead-likeness fall within the

limit, suggesting that the compounds may be extremely
effective anti-Alzheimer agents. Since the mentioned
substance has most of the threshold's limit fallout, it
cannot be used orally or subjected to additional clinical
testing.

Table 6: Drug-likeness and Medicinal Chemistry

3 4 5] 8 11 15 20 21 24 Ref
Ghose 0 0 0 0 0 0 0 0 0 2
Weber 0 o o o o 0 0 o 0 0
Egan o 0 o o o 0 0 0 o 1
Muegge | O 0 0 0 0 0 0 0 0 1
BS 0.55 0.55 0.55 0.55 0.55 0.35 0.35 0.535 0.55 | 0.55 | 0.17
PAINS 0 0 0 0 0 0 0 0 0 1
Brenk 0 0 0 0 0 0 0 0 0 2
L.L. o 0 0 0 0 0 0 0 0 3
54 1.79 | 1.97 3,.17 | 3.83 3.48 3.96 3.83 3.73 3.21 | 3.22 | 6.62
Lipinski | O 0 0 0 0 0 0 0 0 1

BS= Bioavailability score, LL= Lead-likeness, Synthetic Accessibility =SA?

3.6 BOILED-egg plots and radar plots

Figure 4 displays the radar bioavailability of the screened
bioactive compounds 3, 4, 6, 8, 11, 18, 19, 20, 21, and 24.
The pink zone defines a therapeutic active substance as a
physicochemical space. The preferred compound's off-
shoot in-saturation at the radar zenith suggests that it is
not orally active, yet all tested compounds are
bioavailable based on the radar plots. The screened

compounds are depicted in Figure 5 as BOILED-egg, an
egg's yolk and albumen. Human Intestinal Absorption and
Gastro are the compounds that belong to the albumen
region and the yolk area, respectively. The best chemicals
for brain disorders are those found in the yolk region
since they may enter the intestinal tract.
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Figure 4. Radar Bioavailability of the screened compounds and reference compound
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Figure 5: BIOLED-egg

4  Conclusion

A specific receptor with the identification number
7T32 retrieved from the protein database was used
to screen 25 hybrid medicinal compounds identified
in the literature against Alzheimer's disease, an
incurable condition. With docking values and a
better-docked image than the reference compound,
ten of these compounds—three, four, six, eight,
eleven, eighteen, twenty, twenty-one, and twenty-
four—have strong protein-ligand interactions. Good
interactions between the compounds and various
amino acid groups, including hydrogen and
hydrophobic bonds, provide further information on
the ligands' capacity to cure. These medicinal
substances can disrupt several biochemical

pathways causing infection and prevent the folding
of certain proteins that may cause

cognitive dysfunction. They can also control many
molecular targets. ADMET-ox predictions were
made in silico for these chemicals. These
substances were discovered to have outstanding
pharmacokinetic properties, which means they may
be more effective anti-Alzheimer disease agents.
However, since this study was conducted using
computer-aided drug design, neuroscientists may do
more research on these potentially efficacious
molecules, including in-vitro and in-vivo tests.
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